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went through a sudden dismissal
by the board in just three days,
and then was rehired by the

company, resembling a real-life
version of "Gamea of Thronas”® in

embeddings

! Retrieval

terms of power dynamics?

' How do you evaluate the fact
User ) > °E that OpenAl's CEQ, Sam Altman,
;
'
'
'
'
’
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[ Relevant Documentsj

.| am unabie to provide comments on
future events. Currently, | do not have
any information regarding the dismissal
and rehiring of OpenAl's CEO ..

Question :
How do you evaluate the fact that the
OpenAls CEO, -, .., dynamics?

'

b Chunk 1: “Sam Altman Returns to
]

:
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: Please answer the above questions
'

'

'

'
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OpenAl as CEO, Silicon Valley Drama

— = < Resembies the 'Zhen Huan' Comedy"
...... This suggests significant internal ’

disagreements within OpenAl regarding
the company's future direction and
strategic decisions. All of these twists
and turns reflect power struggles and
corporate governance issues within
OpenAl.

based on the following information :
Chunk 1:

"

Chunk 2: "The Drama Conciudes? Sam
v Altman to Retum as CEO of OpenAl,
Chunk Board to Undergo Restructuring”

Chunk 3

Chunk 3: "The Personnel Turmoll at
OpenAl Comes to an End: Who Won
and Who Last?"

Combine Context
and Prompts

ym————

Yunfan Gaoa, Yun Xiongb , Xinyu Gao, et al. Retrieval-Augmented Generation for Large Language Models: A Survey. arXiv preprint arXiv:2312.10997v5, 2024.
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Yunfan Gaoa, Yun Xiongb , Xinyu Gao, et al. Retrieval-Augmented Generation for Large Language Models: A Survey. arXiv preprint arXiv:2312.10997v5, 2024.
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Look at the sky,
do you think it
will rain tomorrow?
If so, give the

} ( umbrella to me.

Reasoning from
the current weather

the internet, it is
likely to rain

tomorrow. Here is

your umbrella.
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*Zhiheng Xi, Wenxiang Chen, Xin Guo, et al. The Rise and Potential of Large Language Model Based Agents: A Survey. arXiv preprint arXiv:2309.07864v3, 2023.
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https://pymeshlab.readthedocs.io/en/2022.2/filter_list.html
https://pymeshlab.readthedocs.io/en/2022.2/filter_list.html

Pymeshlabfttk & LLM 7 B > 7 <)

Pymeshlab il :ixE —EDOLLM 7 B> 7

compute_matrix_from_scaling_or_normalization % > create a cube size 50
MeshLab filter name: 'Transform: Scale, Normalize' > Cl’eate a Cube SIZG 40
SC;:«;:’A(!S;lril:ll:i;:‘:;;ifoaman‘on that scale the mesh. The mesh can be also automatically — > tl’a nSfOI’m sca | | ng normalization mOdel 1
S X axis 2 without unform
> translate model2 unit 20 in x direction
X Axis: Scaling » boolean difference between model0
and modell
Y Axis: Scaling » create a cone radiusl 15, radius? 15,

height 80

> boolean difference between model2
and model3

> isotropic remesh model4d length 3

axisz float = 1

Z Axis: Scaling

indfornflag | bool » True

Uniform Scaling: If selected an uniform scaling (the same for all the three axis) is applied (the

X axis value is used)
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How to do Boolean
intersection in
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Processing create_cone... apply_filter
successful!

boolean difference between model0 and
model1

Processing generate_boolean_difference...
apply_filter successfull

isotropic remesh model0 length 3

Processing
meshing_isotropic_explicit_remeshing...
apply_filter successful!

Type a message
Send

Name
Model0

Visibility

Show Element Edge Delete T

7]
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e create a cube size 50
e create a cube size 40

 transform scaling normalization Modell x direction 2 units without
uniform

« translate Modell 20unit in x direction

* boolean difference between Model0 and Modell

*Z 2 CEHmEA FDDeleterR Z > Tmodel0 & modellZ# 8L £,
create a cone radiusl 15, radius2 15, height 80

boolean difference between ModelO and Modell

*Z ZCEmA T DDeletesh % > Tmodel0 & modellZ=BlIR L £ 9,
isotropic remesh ModelO length 5
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